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8 eXplainable Artificial Intelligence
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13 Audi deepfake detection
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15 Reissner membrane
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23 Linear Time Invariant

24 Rectangular bandpass filter

%5 Lowpass filter

%6 rectangular function

27 phase distortions
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31 passband
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33 stopband
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% Hamming Window

% Hanning Window
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38 Kaiser

39 Carrier

40 Gammatone Filter

41 revcor functions

42 Gammachirp Filter

43 Chirp

44 Gabor Filter

4 |EArnable Frontend

46 resolution

47 Parzen Window

48 Epanechnikov

4 Infinite impulse response

50 truncate

51 Forward-backward filtering

52 Analytic filter

53 envelope

%4 Short Time Fourier Transform
%5 shift-invariant representation

% parameterized analytic analysis filter
5 Personalized Filter

%8 Deformation point

59 Sharp cutoffs

80 Frequency selectivity

&1 formants

52 pitch
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84 transient

% phonemes

% Fully Connected
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8 Fully Convolutional Network
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70 Gated Recurrent Unit

"1 Feature Map Scaling

"2 non-linear sigmoid function
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4 Multi-scale filters
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76 Adaptive Average Pooling

7 Self-supervised contrastive learning
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79 approximation

8 Auditory-inspired modulation encoder
81 Auditory-inspired masked modulation encoder
82 Convolutional attention network
8 power envelope extraction

8 modulation filterbank

8 parallel convolutional neural network
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87 masking-weight estimator
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8 decoder

% Bidirectional Recurrent Neural Network
% encoder
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9 Attention-based decoder
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% Long short-term memory
% multitask learning

9 Unsupervised speech decomposition
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101 | jght Gated recurrent unit
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104 stride
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110 verification
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