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Model: "sequential”
Layer (Conv1D) Output Shape Param #

convld (None, 999, 32) 96
convld 1 (None, 998, 64) 4160
convld 2 (None, 997, 128) 16512
convld 3 (None, 996, 256) 65792
convld 4 (None, 995, 512) 262656
convld 5 (None, 994, 256) 262400
convld 6 (None, 993, 128) 65664
flatten (None, 127104) 0

dense (None, 128) 16269440
dense 1 (None, 10) 1419

Total params: 16,948,139
Trainable params: 16,948,139
Non-trainable params: 0
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Model: "sequential”
Layer (Dense (Output Shape Param #

den (None, 32) 288

dense 1 (None, 64) 2112
dense 2 (None, 128) 8320
dense 3 (None, 256) 33024
dense 4 (None, 512) 131584
dense 5 (None, 256) 131328
dense 6 (None, 128) 32896
dense 7 (None, 64) 8256
dense 8 (None, 32) 2080
dense 9 (None, 10) 363

Total params: 350,251
Trainable params: 350,251
Non-trainable params: 0
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Comparing training and validation loss for sequential
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. Big data

. Convolutional neural network (CNN)
. Support Vector

. Decision Tree

. Random Forest

. Python 3

. Google Colab

. Adam's function

. Principal Component Analysis
10. Confusion matrix

11. Epoch
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